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Abstract

This study aimed to determine if online study behaviowt social learning support were predictors of student
learning outcomes. Five hundred students of UM Tagum Coftege different programs were the respondents of this
research. The statistical tools used were Mean, Rearsnd Multiple Regression Analysis. Quantitative non-grpental
research utilizing correlational techniques with regresaitalysis was the research design of this paper. TéledEunline
study behavior yielded a very high result in course conopleind student satisfaction, while motivation yieldeghhi
results. The story of social learning support yielded a vigly lmpact in terms of emotional and appreciation Support,
while Instrumental Support yielded a high mark. There avagnificant relationship between online study behaaial
social learning support to student learning outcomes. The tdepémdent variables significantly predict the student
learning outcome. However, the student satisfaction indigas not substantially predicted the student learning outcome.

Keywords: degreeonline study behavior, social learning support, student ilegioutcome, Philippines

1. Introduction

In recent years, empirical studies suggest a dramaticiatetion of learner literacy since learnetsneeds are
unmet, and the student learning outcomes need to be estdbliskewise, a vague learning objective yields poor results
With this, to create meaningful learning, educators musisfan the student learning outcome as the basis for enpancin
the quality of teaching. However, there needs to be iwmsistency in the curriculum. Even the learning assesgsnrarst
match the intended learning outcome, which impedes the meanawgfulsition of learning competencies, resulting in
better and more competent learners (Fayer, 2017). Alsonbethat, yet cheap and easy internet access impacts how
students learn by allowing them to explore all kinds of infeionarelated to the material they are studying witthia
context of learning activities (Fitriasari et al., 2018).

In addition, the learning outcomes in question are the rehatsmust show a change in the behavior that is
permanent, functional, positive and conscious. Withcirapletion of the entire learning process, students can medefi
what is known and understgaahd this will be the proof they may obtain as a resulfedefops learning (Harris, 2019:
25). Also, learning outcomes are written statements of wlatsuccessful student/learner anticipated to be able to
accomplish at the end of the program module/course umtiaification (Adam, 2004). Unfortunately, learning outcome
has dramatically been affected by the shift of learningencurriculum design and the teaching that many researcher
discussechave the effects of personal characteristics or learninguetsaon learning performance. There is a decline in
the learning competencieshich the learners profoundly demonstrate in the suddeno$téfirning modality. Furthermore,
the significant difference between learning mode and legrautcome is that learning mode affected learning outcome
became insignificant after using theitimedia-assisted teaching materials (Kristen, 2011; Ma&tHerrero, 2012; Jude et
al., 2014)

The pandemic of COVID19 moved every higher education institutowards online learning of the school
However, nobody was prepared for this transition, andynsindents are affected by this pandemic. Many studies
recognized the shift towards online learning as forcefutl,usat more importaht, for continuing the learning process
(Bao, 2020; Halim, Hashim,& Yunus, 2020; Hodges, Moore, LocReast, & Bond, 2020; Yee, 2013; Zhu, Chen,
Avadhanam, Shui, & Zhang,2020).The pandemic COVID19 arduadvbrld has forced educational institutes, including
instructors and learners, to move online, with which these unfamiliar (Henriksen, Creely, & Henderson, 2020).

Indeed, this study impelled the researcher to study thebbmd$actors or variables that may influence thenenl

study behavior on the learning outcome of students. This statyines the relationship between online study behawd
students’ learning outcome. Additionally, the consequence would bpfiielo teachers and students, for they will be
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equippedto understand the online student’s behavior and the learning outcome. It will be alleviated due to the well-
managed teachers, thus the urgency to conduct the study.

Figure 1 shows the conceptual framework of the studg.ifthependent variable is online study behaviour with the
following indicators: course completion, student satisfactend motivation The second independent variable is social
learning support which is supported by (Marhamah & Hamzah, 2016, p. 1b&t Al. 1.,2018) with the following
indicators, namely: emotional support, affection suppor, inatrumental support. Lastly, the dependent variablihef
study is student learning outcomes, which is supported by Dwid@3@h3) states that Learning outcomes are measures of
success or failure of students after taking teachirtylearning activities both in terms of practical, psyabtor, and

cognitive which includes knowledge (memory, understandingicatioin (application).

INDEPENDENT VARIABLES

ONLINE STUDY BEAHAVIOR
e Course Completion
e Student Satisfaction
e Motivation

DEPENDENT VARIABLE

SOCIAL LEARNING SUPPORT
e Emotional support

e Appreciation support

e Instrumental support

STUDENT LEARNING OUTCOME
e Cognitive
o Affective
e Psychomotor

Figure 1. Conceptual Framework of the Study
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1.2. Research Objectives

This study was conducted to determine if Online Study iehand Social Learning support predict the Student
Learning Outcome. Specifically, it sought to:
1. To describe the level of Online Study Behavior in teoins
1.1 Course completion;
1.2 Student satisfaction; and
1.3 Motivation
2. To determine the level of Social Learning Support towaml&élarning Outcome of Students in terms of:
2.1 Emotional support;
2.2 Appreciation support;
2.3 Instrumental support;
3. To describe the level of Student Learning Outcome instefm
3.1 Cognitive;
3.2 Affective;
3.3 Psychomoto
4. To determine the relationship between:
4.1 online study behaviour and student learning outcontk; a
4.2 social learning support and student learning outcome.
5. To determine which domain in Online Study Behavior sicgifily predicts Student Learning Outcome.
6. To determine which domain in Social Learning Support signtficanedicts Student Learning Outcomes

2. Method
2.1 Research Design

This study used the quantitative, non-experimental desigaingilregression analysis and descriptive
correlational. McBourney and White (2010) said that non-expataheesearch, often called correlation research,
seeks causes of behavior by looking for correlations amarigbles. It seemed appropriate to use this technique
since the current study intends to analyze patterns amegageon the collected data. Likewi€ash, Storga &
Stankovi¢ (2016), a non-experimental approach was adopted when the research qubstienderscores the entire
research is about causal relationships

2.2 Population and Sample

The respondents of this study were the 2nd year andedthundergraduate students who experienced
online learning modality for the 1st Semester of SY 2021-2@2@ss academic programs of UM Tagum College,
wherein a total of 2, 965 population. The researcher steatified sampling technique to determine the participants
in gathering data. These students were considered siegedémonstrated: factual, conceptual, procedural, and
metacognitive knowledge in line with the new modeeaiching-learning delivery utilizing the virtual enviroant.

The study did not include those first-years enrolled inSkshester of SY 2022-2023. The researcher will not
restrict nor force the target respondents to answer atidipate in the study conducted.

2.3 Data Collection Procedure

The researcher secured a permission letter fromdhe@oSDirector to conduct the study. Upon approval
of the Director/, the researcher personally adminidt#he questionnaires to the respondents. Furthermore, the
researcher personally conducted the survey and explitet@dténtion of the research to the respondents during its
administration, as well as the necessary instructidhg respondents were given ample time to answer the
guestionnaires. After retrieving all the questionnaites,Gollation and tabulation of data followed. The redearc
did the Collation, encoded it, and submitted it to ttaistician for the appropriate statistical treatmérite
tabulated data were analyzed and interpreted according ppdhlem raised in the first chapter.
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2.4 Statistical Tools

The following statistical tools were used in this studinterpreting the data to be gathered by the researche

Mean. This was used to measure the level of students’ online study behavior. Also, this statistical tool
will be used to answer sub-problems 1, 2, and 3 rais€tapter 1 of this paper.

Pearson-r. This was used to describe the significaricéhe relationship between online study
behavior and student learning outcome and social leasupgort and student learning outcome. Also, this
tool was used to answer sub-problems 4.1 and 4.2 meniiockdpter 1.

Multiple Regression Analysis. This was used to determifnenline study behavior and social
learning support significantly predict student learning outcomes. lisieewhe tool will be used to answer sub-
problem five, raised in chapter 1.

3. Reaults

Results, analysis, and intervention drawn out from tinelect of the study are introduced in this part. The
data presented were both in tabular and textual forménfaliential results were analyzed and interpreted &% Qevel of
significance. Chronologically, tables and interpretatieere arranged in the subsequent subheadings: level of astliny
behavior, level of social learning support, level of studegrning outcome, the significance of relationshigveen online
study behavior and social learning support to student learningroat and regression analysis on online study behawibr a
social learning support as a predictor of student learning oetcom

The standard deviation was used to determine the ernenlorown samples. It cannot be noted that the standard
deviation ranges from 0.66-0.84, which is lesser than 1.0esyfliical standard deviation for the 5-point Likert scale
(Wittinker & Bayer, 1994). This means that the ratings ia #ttcomplished questionnaires are closed to the mean,
indicating the consistency of responses among the stident

Level of Online Study Behavior

The mean scores for online study behavior, with an dveregdn of 4.24, described as very high with a standard
deviation of 0.47, are presented in Table 1. The high lewald be attributed to the increased rating given by the
respondents in all indicators regarding course complettagient satisfaction, and motivation. The cited total nseane
was the outcome acquired from the subsequent computed meas iscticators: 4.29 or very high for Student satisfaction
4.24 or very high for Couescompletion; 4.19 or high for Motivation.

Table 1. Level of Online Study Behavior

Indicator Mean SD Descriptive Equivalent
Course Completion 4.24 0.52 Very High

Student Satisfaction 4.29 0.56 Very High
Motivation 4.19 0.53 High

Overall 4.24 0.47 Very High
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The highest mean score of 4.29 with a standard deviatiorb6, which is described as very high, was gained by
student satisfaction. The data indicated from appendéteTl.2 reveal that the respondents have observedllinirig
order of importance: a mean of 4.34 feticher’s teaching methods, which is described as very high: a mean of 4.32 for
lesson plans practiced in school, school teachers evalstidgntslearning guidance by school, which is defined as very
high; a standard of 4.30 for learning styles and schoolt,spihich is described as very high; a mean of 4.29 for
practicability of courses by the school, which described ashigh; a standard of 4.25 for evaluating method of studies
practicing theory courses by the school, which described sshigin; a mean of 4.23 for updating speed knowedge of
teacher, which told as very high; a standard of 4182 thanagement arrangement in school curricula, which desesbed
very high.

The second highest mean score was gained by course tiomphgth a mean of 4.24 and a standard deviation of
0.52, described as very high. The data shown in appended TLalbeing to light that the respondents have observed the
following order of importance: a mean of 4.36 for understanttiegcourse objectives, which is described as very high; a
standard of 4.32 for believing that the course is well organizbdith is defined as very high; an average4.29 for
understanding the feedback in the assessment in which verylhelpich is defined as very high; an average of 4.28 for
acknowledging the course structured to achieve the learning owcommeh is described as very high; a mean of 4.25 for
managing to understand the lectures, which is defined as ighy 4 standard of 4.29 for knowing the pace the course was
appropriate, which described as very high; an average offdr.2@alizing the system stimulated interest in the sbje
area, which is defined as high; an average of 4.19 forctiefethe method of assessment is reasonable, which desasbe
high; a mean of 4.15 for visualizing the environment in thesdesonducive in learning, which described as high; and, a
standard of 4.10 for realizing the course workload were mabégeashich described as high.

Thirdly, motivation posted the third- highest mean of 4t a standard deviation of 0.53, described as high. The
data stipulated in appended Table 1.3 unveil the following afdienportance observed by the respondents: a mean of 4.39
for knowing the most satisfying thing in the course possiblétwik described as very high; a mean of 4.36 for learning the
difficulty of the system, which described as very highmean of 4.32 for satisfying when getting a good grade, which
described as very high; a standard of 4.28 for own understandiibgnféhe material in the course, knowing the important
thing is getting a good grade, which described as very higheaa of 4.21 for preferring course materials that challenge
new things, which described as very high; a standard offdr2finking well in the class, which described as JEgh; a
mean of 4.06 for wanting better grades in the class, whidtrided as high; a mean of 3.95 for believing an excellent
grade, which described as high; a mean of 3.82 for thinking dmiad compared with other students, which described as
high.

Level of Social L earning Support towar ds Student L ear ning Outcome

The mean scores for indicators of social learning suppftt an overall mean of 4.33, described as very high with
a standard deviation of 0.49 were presented in Table 2. dryehigh level could be attributed to the increased rating t
respondents gave in all indicators regarding Emotional Supmsteciation Support, and Instrumental Support. The cited
total mean score was the outcome acquired from thecudasiecomputed mean score from the highest to lowestiods:
4.52 or very high for the emotional support: 4.27 or very high ppreciation support, and 4.20 or high for instrumental
backing.
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Table 2.Level of Social Learning Support towards Student L earning Outcome

Indicator Mean SD Descriptive Equéeral
Emotional Support 4.52 0.51 Very High
Appreciation Support  4.27 0.63 Very High
Instrumental Support 4.20 0.62 High

Overall 4.33 0.49 Very High

The highest mean score of 4.52 with a standard deviatiOrbd, which is described as very high, was gained by
the emotional support. The data indicated from appended Zdbteveal that the respondents have observed the fotlowi
order of priority: a mean of 4.6br knowing teachers want students to respect each other’s ideas, which is described as
very high; a standard of 4.60 for learniachers encourages to be respectful of other students’ ideas in class, for knowing
teachers want all students to feel respected, which is bedas very high; a mean of 4.55 for thinking students should be
respected, which is described as very high; a standard2ffor appreciating teachers care how we feel, whidefised
as very high; a mean of 4.50 for knowing that teachers treaheinlass fairly, which is described as very high;eamof
4.47 for thinking students should be respecfed acknowledging teachers available to help students whemdga
guestions, which is defined very high; a mean of 4.46 for believing teachers consider students’ feelings.

The second highest mean score was gained by apprecagiport, with a mean of 4.27 and a standard deviation
of 0.63, described as very high. The data shown in appendésl Z-atbring to light that the respondents have obserneed th
following order of importance; a mean of 4.38 for knowing family is willing to help my decisions, which is described as
very high; a standard of 4.37 for having friends to help méhwis defined as very high; a mean of 4.31 for counting my
friends when things go wrondpr having my family willing to help me, which is defined very high; a mean of 4.29 for
having friends who | can share my joy and sorrows, which inatbfs very high; a standard of 4.28 for having a pdaticu
person in my life who cares about my feelings, which is défasevery high; a mean of 4.27 for having a specific peirso
my life who cares about my feelings, which is described &g lvgh; a mean of 4.21 for talking my problems with my
friends, which is defined as very high; a mean of 4.15 feiigaa particular person who comfort me, which is defined as
high; a mean of 4.09 for talking my problems with my ifsgnwhich is defined as high.

Thirdly, instrumental support posted the third highestmw#al.20 with a standard deviation of 0.62, described as
very high. The data presented in Table 2.3 uncovetthleatespondents have observed the following order of impertanc
mean of 4.28 for having a parent that makes sure what | wbézh is described as very high; a standard of 4.25 for having
a parent that supports my decisions, which is describedra$igh; a mean of 4.21 for enjoying spending time with the
peer, which is described as very high; a mean of 4.20 for havpeer who can count gior having a parent helps cope
with the problems, which is described as very high; a m&dril9 for having a peer explaike things I don’t’ understand ,
which is defined as high; a mean of 4.18 for thinking a pé&eal 0 me, which is described as high; a mean of 4.17 for
having peer comfort when | am upset, which is defined as highean of 4.12 for having a peer that cares about me and
makes me feel wanted, which is described as high.

Level of Student L earning Outcome

The mean scores for the indicators of student learningpangts, with an overall mean of 4.21 described as very
high, with a standard deviation of 0.50 were presentedlifeTa The high level could be attributed to the incréaaéng
the respondents irllacognitive affective and psychomotor indicators. The cited total nseane was the outcome acquired
from the subsequent computed mean scores from the highlestest hands: 4.26 or very high for psychomotor; 4.19 or
high for affective; and 4.19 or high for cognitive
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Table 3 Level of Student Learning Outcome

Indicator Mean SD Descriptive Equivalent
Cognitive 4.19 0.53 High
Affective 4.19 0.58 High
Psychomotor 4.26 0.57 WEigh

Overall 421 0.50 Very High

The highest mean score of 4.26 with a standard deviatioD.53f, described as very high was gained by
Psychomotor. The data indicated from appended Table&alrthat the respondents have observed the following ofde
importance: a mean of 4.33 for knowing the assignments arg phettenging, which is described as very high; a mean of
4.31 for making sure that concepts in lesson think of pragticadlems, which is defined as very high; a mean of 4.28 for
knowing that assignments give clear instructions on what expectia, which is described as very high; a mean of 4.27
for knowing that the course get feedback on how | am dédndearning things beyond my control, which is described as
very high; a mean of 4.26 for tackling assignment what woaldt as successful answéar tending the lesson to real
problems or situations, which is described as very high: a miedr24 for having friends who will help me, which is
defined as very high; a mean of 4.23 for establishing ailegplan to direct my activities in the lessons, whictigined
as very high; a mean of 4.19 for receiving feedback vekiguwhich is defined as high.

The second highest mean score was gained by affestttea mean of 4.19 a standard deviation of 0.58, described
as high. The data shown in appended Table 3.2 bring to lighththaespondents have observed the following order of
importance: a mean of 4.29 for quickly tell if someone elsstésested or bored with what | am saying, which is described
as very high; a mean of 4.25r trying to look at everybody’s side of a disagreement before | make decision, which is
defined as very high; a mean of 4.24 for telling if someos® whnts to enter a conversation, which is defined ashiginy
a mean of 4.23 for telling if someone is masking their gmmtion, for spotting when someone in a group is feeling
awkward or uncomfortable, which is described as very high;amrak4.21 for sensing if | am intruding even if the person
does not tell me, which is described as very high; a rotarl7 for getting nervous when others around me seem to be
worried, which is defined as high; a mean of 4.16 for prewdjdtiow someone will feel, which is defined as high; a mean of
4.14 for predicting what someone will do, which is described as highean of 4.11 for getting emotionally involved with
friend’s problem, which is defined as high.

Thirdly, cognitive posted the third highest mean of 3.74 witstandard deviation of 0.81, described as high. The
data presented in Table 3.1 uncover that the respondemhsgrved the following order of importance: a mean of 4.28
for suddenly wondering using a word correctly, which iscdbed as very high; a standard mean of 4.24 for thinking of
anything to say, which is defined as very high; a meld.20 for daydreaming when listening to somethifugy
communicating something and realize afterward that might le@ @& insulting, which is described as very high; a mean of
4.19for listening to people’s name when meeting them, for reading something and haven't been thinking about it and must
read it, which is described as high; a mean of 4.17 foemdraring something although its the tip of my tongioe having
making up my mind, which is defined as high; a standard offdérli8earing people speaking when | am doing something
which is described as high; a standard of 4.10 for doing onedhingme and not distracted into doing something, which is
defined as high.

Significance of the Relationship between Online Study Behaviorsto Student L ear ning Outcome
Relatively, determining whether online study behaviout sarial learning support have a significant relationship

with student learning outcome is one of the objectivedigf dtudy. After that, Pearson-r was utilized to inigage the
correlation between variables. Table 4 and 5 areeptdle analyzed and interpreted results of the significelationship
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between online study behavior and social learning support tonstedening outcomes.

The gathered outcomes revealed that all indicator©Owline Study Behavior course completiostudent
satisfaction, and motivation are significantly relatedgtiadent learning outcomeghe r-value for the relationship between
course completion and learning outcome is 0.448*, while tradue for the relationship between student satisfactiah a
learning outcome is 0.427*, lastie r-value of the relationship between motivation l@adning outcome is 0.526Which
shows a positive correlation.

Table 4.Significance of the Relationship between Online Study Behavior to Student L earning Outcome

Indicators Dependent Variable r-value 2 g p-value Decision
Course
Completion  Learning Outcome 0.448* 0.2007 0.001 ejeRt H
Student
Satisfaction 0.427* 0.1823 0.001 RejectH
Motivation 0.526* 0.2767 0.001 Reject H

* pc0.05

Thus, the gathered outcomes revealed that social leasnipgort is significantly related to student learning
outcome. The r-value for the relationship between emotismgport and student learning outcome is 0.436*, while the r-
value for the relationship between appreciation supporsardent learning outcome is 0.497*, and lastly, the r-viaiue
the relationship between Instrumental support and legroitcome is 0.553*. Moreover, all of the indicatofsSocial
Learning Support have significant connection to student leamitopmes.

Table 5 Significance on the Relationship between Social Learning Support to Student Learning Outcome

Indicators Dependent Variable r-value 2 r p-value DecisionEmotional
Support Learning Outcome 0.436* 0.1901 0.001 Reject,H

Appreciation

Support 0.497* 0.2470 0.001 RejectcH
Instrumental

Support 0.553* 0.3058 0.001 Rejest H

*p <0.05

Furthermore, as presented in the table, the hypotthegishere is a significant relationship betweenrenbtudy
behavior and social learning support to the student learningroatc

Regression Analysis on Online Study Behavior and Social L ear ning Support as Predictors of Student Learning
Outcome

Table 6 and 7 present the regression analysis on onlidg behavior and social learning support to student
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learning outcome. The table 6 shows a computed F-ratio.82 &hd a p-value of 0.001, which means that online study
behavior can significantly predict the student learning eo&cwhen taken as a whole. The R-value is 0.552, indicating a
positive relationship between online study behavior andlent learning outcome. The overall R-squared is 0.304,
indicating that 30.4 % of the variation student learning outcomes is explained by online study behdvierremaining
percentage is accounted for other variables not includie istudy.

Table 6.Regression Analysis on the Domains of Online Study Behavior as Predictors of Student Learning Outcome

Independent Unstandardized Standardizettvalue p-value Decision
Variables Coefficients Coefficients
B SE Beta

(constant) 1.763 .162

eCourse

Completion .134 .055 .139* 2.418 0.016 Rejeet H

e Student

Satisfaction .082 .050 .092 1.644 0.101 Do not RejectoH
eMotivation .365 .044 .385* 8.216 0.001 Reject H

Dependent Variable: Learning Outcome
R= value: 0.552 F-value = 80.318
R?= 0.304 p-value = 0.001

Moreover, course completion has a beta of .139* with alpevof 0.001; student satisfaction has a beta of .092
with a p-value of 0.101*; and motivation has a beta of .388h w p-value of 0.001. Only motivation and course
completion has a corresponding p-value of 0.001, which i®rleban the 0.05 level of significance. Hence, course
completion and motivation are significant predictorstafient learning outcome. More so, student satisfaction dmes n
significantly predict the student learning outcome. Howetar course completion and motivation are predictostuafent
learning outcome.

On the other hand, Table 7 shows a computed F-ratio of 186d 4 p-value of 0.001, which means that social
learning support significantly predicts the student learningooutc The R-value is 0.603, indicating a positive ratestigp
between social learning support and student learning outconeeovirall R-squared of 0.364, indicating 36.4% of the
variation in student learning outcome is explained by soeahing support. Moreover, emotional support has a beta of
.227* with a p-value of 0.000; appreciation support has a etedd* with a pvaue of 0.006; and instrumental support
has a beta of .353* with a p-value of 0.000. EmotioAppreciation and Instrumental support has a corresponding of 0.000,
which is lesser than the 0.05 level of significancendde the emotional support, appreciation support anduimstrtal
support can significantly predict student learning outcome.
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Table 7.Regression Analysis on the Influence of the Domains of Social Learning Support to Student Learning Outcome

Independent Unstandardized Standardized-value p-value Decision
Variables Coefficients Coefitlis
B SE Beta
(constant)  1.534 .163
eEmotional
Support 221 .037 227* 5.964 .000 Reject Ho

e Appreciation
Support A12 .041 141* 2.749 .006 Reject Ho

elnstrumental
Support .286 .041 .353* 6.898 .000 Reject H

Dependent Variable: Learning Outcome

R-value= 0.603 F-value= 105.143
R’=0.364 p-value= 0.00
4. Discussion

The data obtained on online study behavior, social leguipport, and learning outcome are presented in this
chapter. Further discussions are based on the findiogssh the previous section.

Level of Online Study Behavior

It was found that the online study behavior of studentshtTdgum College was high. This is because of the
increased rating assumed by the respondents regarding ammgdetion, student satisfaction, and motivation, which
means that the level of online study behavior was mbslereed. Also, it means that the students learn thenlgdaas
practiced by the school, the school teacher evaluatdsrai) learning styles, and school spirit and knows iffieutty of
the course despite the challenges they encounter.

Various authors supported the high descriptive equivalehgitevel of online study behavior. This was in parallel
to the study of Watkins (2015), in which the development of jedcstudy skills is much more critical for the online
learners, especially in achievement and retentionh&gyrsome studies have employed open-ended surveys to identify
which online learning techniques respondents found helpful, ordbearchers have summarized successful online
behaviors/tips by interviewing successful online student®urse instructors.

The high descriptive equivalent in the level of studerisfeation follows the study of Bates & Kaye (2014), in
which when the expectations of the students achieve, tthesds to a higher satisfaction level for the studexg<ited by
Zhang et al., 2008, when the expectations of the studentaoartulfilled then it might lead to lower learning and
satisfaction with the course. The result also showed that teacher’s teaching method, lessons plan practiced by the school,
and school teachers evaluating students were mostfiestoy students. Moreover, the high level of motivai®similar
to the study of Bulic and Blazevic (2020), who suggested asewvalation between student motivation with online
teaching. The modern teaching methods and online envirorimeatse student motivation to learn in that environment.
They also suggested that when a student is delighted, tHealsei yield a high level of proficiency. In the contetthis
study, it revealed that the students were satisfied atidaten.

Group of Social Learning Support Towards L earning Outcome
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The degree of social learning support toward learning outcarmgsigh. This is because of the increased rating
assumed by the respondents in terms of emotional, appyeciand instrumental support, which means that lefveboial
learning support was much manifested. It meéias the students know how to respect other students’ ideas in class,
appreciate how they feel, and treat the course fairly.

Various authors supported the high descriptive equivaletitdnlevel of social learning support. This was in
parallel to the study of (Martin-Albo et al., 2015; Howakt 2020) good social support can protect individuals under stress
and has a generally beneficial effect on maintainingiheald stabilizing the mood of individuals. Those whaeiee more
support from family or friends have a more robust mecdphcity and are more mentally and physically hgalthe high
descriptive equivalent in the level of emotional supporb¥al the claim of (Martin-Albo et al., 2015; Sterling kef 2015)
social support has a positive effect on health, can bufferinipact of stress, and provides emotional support and
instrumental support so that individuals can better adagitess to improve health. Furthermore, a study condibgt€hiu
(2004) found that when supporting small groups with the subjetitr, evaluating students’ understanding before giving
was the critical factor in how practical the support was.

Lastly, the high- level result in terms of instrumersigpport parallels the study of (Federici & Skaalvik, 2014b), in
which it has been positively associated with effort antgieed task value. To engage the students in social lgarnin
support, the teder wants the students in the class to respect each other’s ideas, believe that teachers consider students’
feelings and that students who have peers can comfort when ups

Level of Student Learning Outcome

It was found out that the degree of student learning outcoradnigh. This is because of the high rating given by
the respondents in terms of cognitive, affectire] psychomotor, which means that the students’ level of student learning
outcome is much manifested. It means that the studend shiairtig one thing at home and is not distracted fromgdoin
something. It is quick to spot when someone in a groug Bagkward or uncomfortable and establish a learning tplan
direct activities in the lessons.

Various authors supported the high descriptive equivalettteihetzel of student learning outcome. This parallels
Panigrahi, Srivastava, & Sharma’s (2018) study, which found that integrating online learning with virtual conmities
could boost students’ learning outcomes. Also, when the students perform beyond the average standard set by society in
skills acquisition, cognitive performance, and affecttiibutes, they are considered excellent and resouraesdn be
contributed meaningfully to society’s future development (Olaitan, 2017).

Furthermore, the affective domain can facilitate the ldpweent of social work, students' value, ethics, aestheti
and feeling (Allen & Friedman, 2010). Furthermore, he erplhithat positive attitudes come from positive actians o
performances. In practical learning, feelings, attituded, values can shape someone's thinking and behavior.ohadlitj
according to Hoover and Giambatista (2009), the psychomotoaidancreases the interest in learning; this domain is a
dimension that can continuously activate a learning envieommwith high intensity to improve learning outcomes. This
domain can be applied in giving assignments to students.

Significance on the Relationship between Online Study Behavior and Social Learning Support as Predictors of
Student L ear ning Outcome

The study showed a significant relationship betweemerdtudy behavior and student learning outcome. The
computed r-value for each relationship with a p-value s$ lfnan 0.05 indicated a positive relationship between th
variables. The positive r-value showed a direct coiogldtetween the variables, further suggesting that stueamting
outcanmes increases as student’s online study behavior increases. As their social learning support increases, the student
learning outcome also increases. Conversely, student lgamittome decreases as online study behavior and social
learning support decrease. The result follows (Saxena, Babemar (2021) stated that there were some quality factors of
online learning, such as assurance, responsiveness, asidewsontent which were believed to be significantigifive
impact on the online learning process.

Also, the study results of Eady and Lockyer (2013) stateeithatators and researchers may point to the potential
of technologyto increase learners motivation and engagement, cater to different learning styles, and improve students’
learning outcores. It also aligns with Panigrahi, Srivastava, & Sharma’s (2018) study, which found that integrating online
learning with virtual commmities could improve students’ learning outcomes. In addition, the result of the study also
supported the findings of Yi Cheng et al. (2013) in which legroutcome expectations as the perceived consequences of a
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behavior

Regression Analysis on Online Study Behavior and Social Learning Support as Predictors of Student Learning
Outcome

The regression analysis of the variables under the stenbaled that online study behavior predicts student
learning outcomes. This finding was reported as reflectéitkitable where student satisfaction is not a predaftstudent
learning outcome posted a p-value lesser than 0.05. On tbehahd, social learning support predicts student learning
outcomes; however, when taken as a whole, both onligy siehavior and social learning support have a predictiveyabili
to the student learning outcome. This implies that ontingysbehavior also has a positive attitude towards stuegmting
outcome and tend to have a high student learning outcome.

This is following the study (Amseke, 2018), wherein social suppar form of support or assistance in the form of
comfort, care, appreciation, advice. Moreover, vakiaiformation shows up from people with intimate soadtionships
with individuals who take in assistance. On the otherdhaocial support is essential because it has aardhip with
several important outcomes, including academic achievemeatiemic motivation, academic effort, and academic
achievement (Anandari, 2013).

5. Conclusions

The researcher concluded that the level of online diatgvior was high. Also, the level of social learning support
was high as well. For the significant relationshipateen variables, both online study behavior and stegahing support
have a significant relationship with student learning ouoof students. Furthermore, only student satisfactienfouend
not to predict student learning outcomes. However, whemtak a whole, both online study behavior and sociaditea
support predict student learning outcome.
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